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Introduction: Our research focuses on integrating YOLO for object
detection, SORT for object tracking, and TinyMPC for model
predictive control to enhance the efficiency and accuracy of robotic
systems. Using the CrazyFlie 2.1, a small and low-cost robot
equipped with the AI Deck and GAPS8 IoT processor, we aim to
improve real-time obstacle avoidance and dynamic trajectory
tracking. This integration allows for better handling of complex
trajectories and actuator constraints, promoting the use of affordable
technology in robotics.
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Methods: Our workflow is divided into three sections: object
detection, tracking, and trajectory estimation. We utilized
pre-trained YOLO models for real-time object detection and
classification, followed by Simple Online and Realtime Tracking
(SORT) for object tracking. Finally, we incorporated a trajectory
estimation algorithm to compute object movement in the 2D plane
of the image.

For object detection and classification, we tested our algorithm on
both YOLO models to perform real-time object detection and
classification, sending the data for bounding boxes to the tracker.
The SORT algorithm processes data from the YOLO model and
tracks the detected objects. The tracked positions are then used to
compute the desired trajectory, incorporating a trajectory estimation
algorithm that measures the Euclidean distance between objects,
providing measurements of the object’s movement in the 2D plane
of the image.

Our approach involves integrating a MPC with a vision model to
enhance dynamic collision resistance optimization. TinyMPC shows
superior recovery performance and tracks complex trajectories
while considering actuator limits. By combining TinyMPC with
vision input, we aim to enhance real-time obstacle avoidance
through improved tracking and detection.
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Results: Our results demonstrate a real-time object detection and
tracking system capable of accurately identifying and localizing
objects. Each detected object is assigned a unique ID, and its position
is tracked across consecutive frames. The system's output includes
information about the detected objects, their coordinates, and
distances between the frames. The system provides information on
preprocessing, inference, and post-processing times for each frame.
The results indicate that the trajectory estimation algorithm performs
effectively in tracking objects within the image frame.
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Conclusions: Integrating computer vision algorithms into
low-computing platforms like the CrazyFlie is feasible but presents
hardware challenges. We successfully implemented object detection
and classification, real-time tracking, and 2D trajectory estimation.
While we effectively retrieved 2D trajectory coordinates, our initial
attempts to retrieve 3D trajectories using monocular depth estimation
were not successful. In the future, we aim to implement 3D trajectory
tracking by exploring advanced depth estimation techniques. Future
work includes completing the integration of our vision algorithm
with TinyMPC, deploying the integrated system onto the CrazyFlie,
and enhancing the trajectory estimation to 3D.

This research contributes to the development of affordable and
accessible robotic platforms, benefiting various communities and
advancing the field of robotics. Potential applications include search
and rescue operations in disaster-stricken areas, agricultural
monitoring and management, environmental monitoring, and
educational tools for teaching robotics.
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